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About this document

This is a reference paper, not a news article. Claude's text watermark is the entry point, but the subject is broader 
and longer lived: the shift toward a web where AI involvement in content is technically markable, legally required in 
some markets, machine readable, and increasingly part of publishing infrastructure.

Every factual claim is attributed. Company statements are identified as company statements. Independent research 
is identified as independent research. Practitioner discussion is identified as anecdotal. Inferences are labeled as 
inferences. Predictions are presented as scenarios, never as forecasts.

Technical implementations change. Principles last longer. This paper is written so that the analysis remains useful 
even if Anthropic revises its system in 2027, 2028 or 2029.
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Sanwal Zia is an SEO strategist working at the intersection of search, artificial 
intelligence and content strategy, with more than six years of experience across 
technical SEO, content architecture and AI-assisted publishing workflows. Through 
Optimize With Sanwal he publishes research and practical guidance for digital 
marketers navigating the shift toward AI-driven search, with a consistent emphasis on 
primary sources, verifiable claims and separating what the evidence supports from 
what the industry assumes.

This paper reflects that approach. It was written to be a reference that remains usable 
after the specific technical implementation it examines has changed.

Data and Sources Disclaimer

This paper is a research reference compiled from primary sources available at the time 
of writing. The following conditions apply to how its claims should be read and cited.

• Company statements are identified as company statements and are not 
independently verified. Where a claim concerns a property only the provider can 
observe, such as internal quality testing or the absence of identifying information 
in a watermark, it is presented as the company's stated position rather than as 
established fact.

• Independent research is identified by publication type. Where a study tested 
open-source implementations rather than a specific commercial system, this is 
stated in the text rather than left implicit, because the distinction materially affects 
how far the finding generalizes.

• Inferences drawn from published mechanisms are labeled as inferences. 
They are reasoning from disclosed design, not measurement, and are identified as 
such at the point they appear.

• Practitioner and community discussion is treated as evidence of perception 
only, never as technical proof. No individual is named, because the value of that 
material lies in the arguments rather than in who advanced them.

• Forward-looking analysis is presented as scenarios with an assessment of 
current evidential support. Nothing in this paper should be read as a prediction, 
and no scenario should be treated as a forecast.

• Some figures cited are updated continuously by their publishers. 
Measurements of AI content share, counts of synthetic content sites and regulatory 
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implementation details change over time and should be re-verified at the point of 
use rather than quoted from this document.

• No client data, client sites or confidential information appear anywhere in 
this paper. All examples are drawn from public sources or are constructed 
illustratively.

• The author has no commercial relationship with any company discussed, 
including Anthropic, Google, OpenAI or any provider of AI detection or content 
provenance services, and received no compensation or access in connection with 
this research.

This document is provided for informational and educational purposes. It does not 
constitute legal, regulatory, financial or compliance advice. Organizations with 
obligations under the EU AI Act or any other jurisdiction's transparency requirements 
should seek qualified professional advice on their specific circumstances.
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Executive Summary

On August 11, 2026, Anthropic updated a support article confirming that Claude 
models launched on or after August 2, 2026 embed a statistical watermark in 
generated text. On August 14, 2026 the company published a longer explainer 
answering questions raised in the intervening days. The marking applies at the model 
level, which means it is present across the Claude API, claude.ai, Claude Code, Claude 
Cowork and Claude Tag, including Claude accessed through AWS, Google Cloud and 
Microsoft Foundry. It is applied worldwide, with no user opt-out, and Anthropic 
attributes the change to the EU AI Act.

Anthropic describes the method as a version of the SynthID-Text approach published 
by Google DeepMind in Nature in 2024. Nothing is added to the text. There are no 
hidden characters. The watermark exists as a pattern in which words the model selects 
when several candidates are roughly equally good, seeded by a secret key and the 
preceding words. Over enough of those choices, the pattern becomes statistically 
recognizable to a party holding the key.

The single most important finding in this paper is that the public conversation 
has attached itself to the wrong risk. Most concern has focused on detection: 
whether search engines will identify AI content, whether writers will be exposed, 
whether rankings will suffer. The evidence does not support that framing. There is no 
evidence that any search engine uses AI text watermark detection in ranking, and the 
detection itself is fragile enough that anyone determined to defeat it can. The more 
consequential development is quieter. Provenance marking is becoming a standing 
property of published content, backed by regulation, adopted across the major AI 
providers, and layered with signed file metadata. That is an infrastructure change, and 
infrastructure changes outlast the products that trigger them.

What the evidence supports

• The mechanism is real and is roughly as described in public explanations. 
The watermark lives in token selection, not in hidden characters or metadata. This 
is confirmed by Anthropic's own documentation and consistent with the published 
SynthID-Text research.

• A detection result is narrow evidence. Anthropic states plainly that a 
watermark can only determine that Claude was likely involved with the content at 
some point, and that it cannot distinguish Claude wrote this from Claude heavily 
edited this. It carries no user or organization identity.

• The signal is not evenly distributed. It is dense where word choice is free and 
sparse or absent where the correct output is constrained. Factual statements, 
exact terminology and source code carry little or no watermark. Anthropic states 
directly that where an exact output is required, the watermark is not applied.

• Transformations that preserve word choices preserve the signal. 
Transformations that replace word choices destroy it. Copying, pasting, 
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reformatting and light editing preserve it. A full rewrite removes it, which 
Anthropic acknowledges. In independent testing of an open source implementation 
of the same family, meaning-preserving paraphrase removed detection in the large 
majority of cases.

• There is no evidence connecting the watermark to search rankings. Google 
holds no key to Anthropic's watermark, has published no statement about third-
party watermark detection in ranking, and continues to frame its guidance around 
content quality and manipulative intent rather than production method. Large-
scale ranking analysis in 2026 found no meaningful relationship between the 
proportion of AI content on a page and its position.

• The regulatory driver is real and dated. EU AI Act Article 50 transparency 
obligations became enforceable on August 2, 2026. Roughly 190 organizations 
signed the accompanying Code of Practice on Transparency of AI-Generated 
Content in July 2026. Two dates matter next: December 2, 2026 for models 
launched before the threshold, and February 2, 2027 for cross-provider detection 
interoperability.

What the evidence does not support

• That a watermark proves authorship, ownership, or that a person did not write the 
underlying work.

• That a watermark identifies a user, an employer, a client or a chat session.

• That Google can detect Claude's watermark or penalizes content that carries one.

• That the absence of a watermark shows a human wrote the text. A negative result 
is close to uninformative, because a different model, a rewrite, a translation or a 
short passage all produce the same outcome.

• That watermarking makes AI content impossible to disguise. It does not, and the 
research literature is unambiguous on this point.

The distinction that most commentary misses

Three separate questions are routinely collapsed into one. Technical attribution asks 
what the mark can establish, and the answer is narrow. Legal authorship asks 
whether the mark changes ownership or rights, and the answer is that it does not. 
Social perception asks what people will assume when they learn an AI model touched 
a piece of work, and this is where the real effect sits. A signal designed as 
transparency can function socially as an accusation. The gap between what a 
watermark technically means and what a reader will conclude from it is the practical 
risk for writers, publishers, agencies and consultants, and it is not solved by anything 
in Anthropic's documentation.

For SEO professionals specifically, this splits into two causal chains that must not be 
mixed. One runs from watermark to search engine detection to ranking, and there is 
no evidence at any link in it. The other runs from watermark to disclosure to human 
perception to publisher policy to client policy to trust, and that chain is plausible, 
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already partially visible, and requires no participation from Google at all. Most bad 
advice in this area comes from arguing the second chain and citing the first.
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Part I. What Actually Happened

The development is narrow and specific, and it helps to state it precisely before 
interpreting it.

Anthropic has signed the European Union's Code of Practice on Transparency of AI-
Generated Content, which operationalizes Article 50(2) of the EU AI Act. On August 
11, 2026, the company updated a support article describing how it marks AI-generated 
content. Three days later it published a longer public explainer answering questions 
that had accumulated during a substantial public reaction.

Two different mechanisms are involved, and conflating them causes persistent 
confusion.

Mechanism one: an in-text statistical watermark

When a supported Claude model generates text, the sequence of words itself carries 
the mark. Anthropic is explicit that nothing is added to the text and that there are no 
hidden characters. The watermark is a property of which words were selected, not an 
object attached to the output. Anthropic states it does not affect quality, readability or 
price, produces no extra tokens, and carries no information that could identify a 
person, an organization or a conversation.

Mechanism two: signed provenance metadata on files

When Claude produces a supported file type such as a .png, .jpg or .svg, it attaches a 
cryptographically signed note in the file's metadata recording that the file was made or 
processed with Claude. This uses C2PA, an open industry standard also used by 
camera manufacturers and photo editing software. Anthropic emphasizes that this is 
very different from a watermark, because nothing inside the file changes. The 
credential can be read by any C2PA-aware tool, and it can be removed by anything that 
rewrites the file.

Why the difference matters

A text watermark is inside the content and survives copying. File metadata is attached to the container and does 
not survive re-encoding, screenshotting or format conversion.

This is the source of a widespread error in public discussion. Claims that converting an image format or applying a 
small filter defeats Claude's mark describe two different things at once. Format conversion strips C2PA metadata, 
which is true. A sharpening filter defeats pixel-level image watermarks, which is a third technology that Anthropic 
does not describe using for Claude-generated images.
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Coverage and scope

Marking is applied at the model level, so it follows the output regardless of which 
product or surface produced it, and regardless of whether the model was accessed 
directly or through a cloud provider. Anthropic notes that some platforms and features 
may not support every type of mark, which is a meaningful caveat for signed file 
metadata in particular.

There is no user-facing opt-out. Anthropic's stated reason for applying it globally 
rather than only in the European market is that it does not yet have a durable way to 
scope the behavior by region, and it says it will continue to evaluate approaches.

Models launched before August 2, 2026 are covered by a transition period. Anthropic 
says it is working to add watermarking to those models and will roll it out over the 
coming months. This has a practical consequence that most coverage has missed: 
marking is a versioned model capability, not a provider-wide state. Whether a 
given API response today carries a mark depends on which model identifier served the 
request.

Timeline of the relevant dates

Figure 1. The regulatory and disclosure timeline. The technology predates the announcement and the most consequential dates are still ahead.

Date Event Status

October 
2024

Google DeepMind publishes SynthID-Text in Nature, the method Anthropic 
says its watermark is a version of

Peer reviewed

July 2026 Roughly 190 organizations sign the EU Code of Practice on Transparency of 
AI-Generated Content

Voluntary industry 
commitment

August 2, 
2026

EU AI Act Article 50 transparency obligations become enforceable. 
Anthropic's threshold date for newly launched models

Law in force

August 11, 
2026

Anthropic support article confirming text watermarking and C2PA file 
metadata is updated

Company disclosure

August 14, Anthropic publishes a public explainer answering questions about the Company disclosure
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Date Event Status

2026 method

December 2, 
2026

End of the transition period for systems placed on the market before the 
threshold date

Scheduled

February 2, 
2027

Target for cross-provider watermark detection interoperability under the 
Code of Practice

Scheduled commitment

Two things are worth noticing about that timeline. The technology is older than the 
announcement, which means the interesting question is not whether the method works 
but why it is being deployed now. And the most consequential dates are still ahead, 
which means anyone treating August 2026 as the end of this story is reading it wrong.
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Part II. How the Watermark Works, and What Remains 
Undisclosed

A language model produces text one token at a time. At each step it holds a 
distribution over possible next tokens. Very often, several candidates are close to 
equally good. Anthropic's own example is the sentence fragment about weather being 
cold, where the next word is very unlikely to be sugary but could reasonably be 
overcast or grey. To a reader the sentence means the same thing either way. In 
ordinary generation, a random number settles the choice.

Watermarking changes the source of that randomness. Instead of an arbitrary random 
number generator, the selection is settled using a secret key together with a few of the 
preceding words. The words remain effectively random from the reader's point of view, 
but they are now consistent with the choices the model would make while using that 
key. A party holding the key can check the sequence and assign a probability that the 
text was generated by the model.

Anthropic offers a useful analogy. Imagine a board game in which players move 
according to dice rolls, and imagine replacing the dice with successive digits of pi 
starting from an arbitrary position. The moves remain random for every practical 
purpose and the play experience is unchanged. But someone who knows the value of pi 
could look at the full sequence of moves afterward and work out that the game 
probably used pi. That game is, in a sense, watermarked.

Anthropic also makes an important negative claim: the method does not push the 
model toward some special vocabulary. It offers the example of an obscure synonym 
the model would not have used anyway, and states that watermarking would not cause 
it to be selected. The bias operates only among candidates the model already 
considered plausible.

Figure 2. What watermarking changes in the generation process. Adapted from the mechanism described in Anthropic's published explainer.
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Is the phrase the output is the watermark accurate?

A framing that has circulated widely holds that the watermark is not attached to the 
output, and that the output is the watermark. This deserves careful assessment 
because it is influential, largely correct, and misleading in one specific way.

What is accurate. There is no separate payload. No characters are inserted, no 
metadata rides along, and no signal is layered on top of the text. The information lives 
in the pattern of choices that produced the words. This explains why copying and 
pasting cannot remove it: there is nothing to leave behind.

Where the framing misleads. It suggests the watermark is a property carried by the 
text in the way a fingerprint is carried by a surface, present wherever the text is 
present. It is not. It is a statistical property of an aggregate. No single word carries it. 
A short passage may contain too few free choices to say anything. Two paragraphs of 
the same length can carry very different amounts of signal depending on how 
constrained the wording was. Anthropic's own explainer makes this explicit: 
watermarking is sparser on factual passages where fewer choices can be made without 
harming accuracy, and where an exact output is required the watermark is not applied 
at all.

A more precise statement is this: the watermark is a statistical property of the 
model's free choices within the output, unevenly distributed across the text, 
and meaningful only in aggregate. That formulation preserves what is right about 
the popular framing while removing the implication that every piece of Claude text is 
uniformly and reliably marked.

Assessment

Claim: the output is the watermark. Verdict: partially supported and useful as a simplification, technically imprecise 
in a way that matters. It is correct that nothing is appended. It is incorrect to infer that the mark is uniformly 
present or reliably detectable in any given passage.

A version of SynthID-Text is not the same as an identical 
implementation

Anthropic states that Claude's watermark is a version of the SynthID-Text approach, 
and places it in a family of methods tracing back to a 2022 proposal. This is a 
genuinely informative disclosure and it is more than most providers have offered. It is 
not, however, a specification.

The published SynthID-Text method is a family, not a single configuration. Its behavior 
depends on choices that Anthropic has not described: how many layers the sampling 
procedure uses, which detection statistic is applied, what thresholds are set, how keys 
are managed and rotated, and whether the variant used preserves the output 
distribution exactly or accepts a small distortion in exchange for stronger signal.
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This is not a pedantic distinction. Independent analysis published in 2026 
demonstrated that one commonly used detection statistic in the SynthID-Text design is 
vulnerable to a specific attack that manipulates the number of sampling layers, while 
an alternative scoring approach in the same design is substantially more robust. 
Robustness is a property of the configuration, not of the family. Any confident 
claim about how easily Claude's watermark can be defeated, in either direction, is 
currently an extrapolation from adjacent systems rather than a measurement of this 
one.

What Anthropic confirms and what it does not

Question Anthropic's position Independent verification

Is the mark in token selection 
rather than hidden 
characters?

Confirmed and explained in detail Consistent with published watermarking 
research

Which method family? A version of SynthID-Text The referenced Nature paper is real and 
verifiable

Exact algorithm, layer 
configuration, detection 
statistic

Not disclosed Not verifiable by outside parties

Key management and 
rotation

Not disclosed Not verifiable

Detection thresholds, false 
positive and false negative 
rates

Not disclosed Not verifiable until a detector is 
released

Effect on output quality No practical impact, based on internal testing 
plus the quality evidence in the SynthID-Text 
paper

The cited Gemini traffic comparison and 
human rater study are from the 
published paper, not from Claude-
specific testing

Does it identify users or 
organizations?

Explicitly no Company claim, not independently 
verifiable

Is a detector available? A detection API is promised, details being 
finalized

Not yet shipped as of publication

Coverage of pre-August 2 
models

Rollout in progress over coming months No public model-by-model coverage 
table exists

The pattern in that table is worth naming. Anthropic has been unusually clear about 
what the watermark cannot do and unusually reserved about how it does what it 
does. Both choices are defensible. Withholding implementation detail makes evasion 
harder, and Anthropic is transparent about the limitation rather than overstating 
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capability. But the effect is that no one outside the company can currently evaluate the 
system's accuracy, and the promised detection API is the point at which that changes.

There is a structural tension here that the company will have to resolve rather than 
manage. A detection service that is open enough to be useful for verification is also 
open enough to be used as a feedback loop: a determined party can test a rewrite, 
check the result, and repeat until the signal disappears. Providers face the same 
tradeoff across the industry, and the design of the detection interface will matter more 
than the design of the watermark itself.
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Part III. What Survives, What Degrades, What Disappears

Public discussion has settled on two competing slogans. One is that copy and paste 
cannot remove the watermark. The other is that editing removes it. Both are partially 
true and both are useless as guidance, because neither identifies the actual variable.

The variable is whether a transformation replaces the model's word choices. 
The watermark lives in those choices. Anything that preserves them preserves the 
signal. Anything that substitutes different words for them destroys the signal in 
proportion to how many are replaced. Formatting, containers, file types and platforms 
are irrelevant except insofar as they alter the words.

Why copying and pasting preserves the signal

Pasting text into Word, Google Docs, WordPress, a browser field, a content 
management system, LinkedIn, Reddit, an email client, an HTML template or a plain 
text file moves the same sequence of words into a different container. The container 
was never carrying the mark. The words were. This is the correct core of the popular 
explanation and it holds across every destination listed.

Three caveats apply. Platforms that truncate content reduce the amount of text 
available to a detector, and confidence scales with length. Platforms that apply 
automatic typographic substitutions make trivial changes that are unlikely to matter 
but have not been measured against this implementation. And extracting a short 
quotation removes the aggregate, which is the practical reason short social posts and 
metadata are poor candidates for reliable detection.

Transformation reference table

The following table is the operational core of this section. It combines Anthropic's 
stated positions with independent research on the same family of methods. Where a 
row rests on research into open source implementations rather than Claude 
specifically, that is noted, because no public detector for Claude exists and therefore 
no one outside Anthropic has measured this system directly.

Transformation Effect on signal Basis

Copy and paste into any 
application or platform

Preserved in full Anthropic states the mark travels with copied text; 
follows directly from the mechanism

Changing fonts, headings, 
styling, layout

Preserved Formatting is not word choice

Converting to HTML, PDF, 
plain text, or another 
document format

Preserved for the text; signed file 
metadata is a separate matter and 
is often lost

Follows from the mechanism; Anthropic notes file 
metadata can disappear if the format changes

Minor punctuation and 
capitalization edits

Largely preserved Inference from the mechanism; magnitude not 
publicly measured
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Transformation Effect on signal Basis

Light copy editing of a few 
words

Mostly preserved Anthropic states light editing probably will not 
remove it completely

Substantial human editing 
across the piece

Degraded, with uncertain residual Anthropic acknowledges degradation; the threshold 
is undisclosed

Complete rewrite in which 
every word is replaced

Removed Anthropic states this directly

Paraphrase by a different AI 
model

Removed in the large majority of 
tested cases

Independent 2026 study of open source 
implementations of this family, not of Claude

Translation by a different 
system

Removed Every word is replaced by the translating system

Translation produced by 
Claude

Newly marked, not unmarked Anthropic states translations carry a watermark 
because every word is chosen by Claude

Summarization by Claude of 
any source

Newly marked output The summary is generated text; follows from the 
mechanism

Claude proofreads human 
writing, changing little

Little or nothing to detect Anthropic states the watermark only applies to 
words Claude chooses

Factual passages, exact 
terminology, names, figures

Sparse or absent Anthropic states the watermark has nothing to act 
on where only one answer is correct

Source code Largely absent from the code itself; 
may appear in comments

Anthropic states the watermark is not applied where 
an exact output is required

Short excerpts, captions, 
metadata, titles

Below reliable detection Anthropic states detection does not work well on 
small samples

Mixed document with human 
and AI sections

Concentrated in AI passages; 
whole-document confidence 
diluted

Inference from the statistical nature of detection

Sanwal Zia   |   OptimizeWithSanwal.com   |   15



Figure 3. Signal density is uneven across content types. Qualitative summary of the behavior Anthropic describes, not a measurement.

The case almost everyone gets wrong: asking the same model to 
rewrite its own output

A claim circulating in developer communities holds that you can ask Claude to remove 
the watermark from its own output, and that this works. The claim deserves direct 
analysis because it sounds plausible and is, on the published mechanism, close to 
backwards.

A rewrite produced by Claude is Claude-generated text. It is sampled with the same 
key. The words in the rewritten passage are chosen by the model, which is precisely 
the condition under which the watermark applies. So the expected result is not 
unmarked text. The expected result is that the original passage's mark is replaced by 
a fresh one. Asking the model to paraphrase away its own signal should, on the 
mechanism as described, regenerate the signal rather than remove it.

This is labeled clearly: it is a reasoned inference from Anthropic's published 
description, not a verified test result. It cannot currently be verified by anyone outside 
Anthropic, because no public detector exists. That is itself the point worth taking away. 
Every confident public claim about removing this watermark, in either 
direction, is currently unfalsifiable. The claims will remain unfalsifiable until a 
detection API ships, at which point they become testable in an afternoon.

The corollary matters more than the correction. Signal removal requires a 
transformation performed by something other than the marking model, or by a human 
replacing the words. Rewriting with a different provider's model is the technically 
effective path, and it is also the path that fragments provenance most thoroughly, 
which is a theme returned to later in this paper.
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Detection is probabilistic, and both errors are real

Detection produces a score, not a verdict. Where the threshold sits determines the 
balance between two failure modes. Set it strictly and genuine AI text goes unflagged. 
Set it loosely and human writing gets flagged. Anthropic has not published its 
thresholds or error rates.

Independent testing of open source implementations in this family found non-trivial 
false positives on unmodified human text, along with a substantial band of results that 
were neither clearly positive nor clearly negative. That study concluded the methods it 
tested did not meet the standards expected of forensic evidence. Two caveats apply in 
both directions: the study tested public implementations rather than Anthropic's 
production system, and its findings have not been broadly replicated. It is the best 
available evidence, and it is not evidence about Claude.

Figure 4. Independent 2026 testing of open-source implementations in this family. These figures describe tested public implementations, not  
Anthropic's production system, which no third party can currently evaluate.

The asymmetry that should govern interpretation

A positive result is informative but narrow. It suggests the model was likely involved somewhere in the text, and 
says nothing about how much, by whom, or with what human contribution.

A negative result is close to uninformative. It is equally consistent with human authorship, a different model, a 
paraphrase, a translation, an older model, a heavily edited draft, or a passage too short to score.

Any policy, contract, editorial rule or accusation built on a negative result is built on nothing.
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Part IV. Three Technologies That Are Not the Same Thing

Most of the confusion in this subject reduces to a single category error. AI detection, 
watermark detection and content provenance are three different technologies with 
different mechanisms, different failure modes and different meanings. They are treated 
interchangeably in public discussion and they should never be.

AI detection Watermark detection Content provenance

What it 
examines

Statistical and stylistic patterns 
typical of machine writing

Whether word choices match a 
keyed pattern deliberately 
introduced during generation

Metadata attached to a file 
recording how it was made or 
modified

Who can run it Anyone, using commercial or 
open tools

Only a party holding the 
provider's key or using the 
provider's service

Anyone with a compatible 
reader

What a positive 
result means

The text resembles machine 
writing

The text is statistically consistent 
with generation by that specific 
provider's model

This file claims a recorded 
history, cryptographically signed

Typical failure Flags human writing, 
particularly by non-native 
English writers; misses edited 
AI writing

Degrades with editing, 
paraphrase and translation; short 
text is inconclusive

Metadata is removed by re-
encoding, screenshots and 
format conversion

Cross-provider 
coverage

Attempts to cover all models Provider specific by design; one 
provider's detector cannot read 
another's mark

Standardized and designed to be 
interoperable

Legal or 
evidentiary 
weight

None; widely disputed Untested; independent research 
questions forensic reliability

Stronger for tamper evidence 
than for authorship

Anthropic itself draws the first distinction explicitly, noting that commercial AI 
detection services work differently because they do not hold the key, and instead look 
for stylistic tells in phrasing. The company gives examples of constructions that 
machine writing overuses. This is a meaningful concession: it acknowledges that a 
whole detection industry exists whose outputs will be confused with watermark 
results, and that the two are not comparable.

The practical consequence for anyone setting policy is that the three technologies 
justify very different levels of confidence. A commercial detector's score should not be 
treated as evidence about a person. A watermark result is more specific but still 
narrow. Signed provenance metadata is the most trustworthy of the three about what 
it actually records, which is file history rather than authorship, and it is also the most 
easily destroyed.
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Part V. What a Positive Detection Actually Proves

This table is the single most useful reference in the paper for anyone who may one day 
be shown a detection result and asked to act on it.

Proposition Established? Reasoning

The model produced some of this 
text

Plausible, not certain Consistent with the design, subject to false positives and 
threshold choices

The model produced most or all of 
the text

Not established Confidence scales with the length of unedited passages, not 
with the share of the work authored

The model generated the text 
rather than editing human text

Not established Anthropic states the mark cannot distinguish these two 
cases

The human contributed nothing Not established No described mechanism can establish the absence of 
human contribution

A specific person or organization 
used the model

Not possible Anthropic states the watermark carries no identifying 
information

A specific model version was used Unknown Anthropic has not described model-level differentiation in 
detection

The content is low quality Not possible The mark is unrelated to quality; Anthropic reports no 
measurable effect on output quality

The content is inaccurate or 
fabricated

Not possible Provenance says nothing about accuracy

Copyright or ownership is affected No Anthropic states the mark says nothing about ownership or 
authorship and does not change users' rights under its terms

The content violates a search 
engine policy

No Search policies address purpose and quality, not production 
method

The content should be disclosed 
under regulation

Depends entirely on 
the publication 
context

Disclosure duties attach to categories of publication, not to 
detection results

Read as a whole, that table describes a signal that is far weaker than public reaction 
assumes and far more specific than a commercial AI detector. It supports one 
inference reasonably well and almost nothing else. Any organization writing policy 
around it should write the policy around that single inference.
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Part VI. Watermarking, Authorship and Perception

This is the dimension that technical analysis consistently underweights, and it is 
probably the one that will matter most to working professionals over the next several 
years.

An argument that surfaced forcefully in public reaction runs roughly as follows. A 
person may originate the idea, the argument, the structure, the lived experience, the 
reasoning and the final judgment. The model may have translated it, tightened a 
sentence or made it clearer. That does not make the model the author. But a mark on 
the resulting text changes how the work is read regardless, because people will not say 
that a model may have been involved in processing this text. They will say that AI 
wrote it.

Treated as a technical claim, this is not a claim at all, and Anthropic's documentation 
does not contradict it. Treated as a claim about perception and reputation, it identifies 
a real gap that no amount of accurate documentation closes. The gap deserves to be 
analyzed in three separate layers, because collapsing them produces both unwarranted 
panic and unwarranted dismissal.

Layer one: technical attribution

Established above. The mark supports one narrow inference: the model was likely 
involved somewhere. It cannot separate generation from heavy editing. It carries no 
identity. It is unevenly distributed and degrades under transformation.

Layer two: legal authorship and ownership

Anthropic's position is explicit: a watermark does not change who owns an output or 
who is legally responsible for it, does not say anything about ownership or authorship, 
and does not change a user's rights under the company's terms.

The broader legal position is separate from Anthropic's terms and worth stating 
accurately, because it is frequently misdescribed. In the United States, the Copyright 
Office's 2023 registration guidance and its subsequent report on copyrightability hold 
that material generated by AI without sufficient human authorship is not protectable, 
while human-authored contributions to a work remain protectable and a work 
containing both can be registered with the human contribution identified. That 
determination turns on the facts of how the work was made. A watermark is not a 
legal instrument and does not participate in that determination. It is evidence 
of a technical event, not a finding about authorship, and no regulator or court has 
assigned it evidentiary status.

Two practical implications follow. Nobody's ownership changed on August 11, 2026. 
And nobody should treat a detection result as establishing a copyright position, in 
either direction.
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Layer three: social perception

This is where the effect is real and where evidence is thinnest, which is an 
uncomfortable combination and should be stated as such rather than resolved 
prematurely.

There is no published research measuring how readers respond specifically to knowing 
that a text carries an AI watermark. The technology is weeks old. What exists is 
adjacent and suggestive rather than decisive. Research on algorithm aversion has 
documented that people discount algorithmic output more sharply than equivalent 
human output once they observe it err. Research on AI detection tools has documented 
that they disproportionately flag writing by non-native English speakers, which is a 
concrete demonstration that provenance signals attach unevenly to populations rather 
than to conduct. Neither body of work is about watermarks, and neither should be 
cited as though it were.

What can be said with confidence is structural rather than empirical. A signal designed 
to answer the question of whether a model was involved will, in ordinary use, be read 
as answering the question of whether the work is the author's own. Those are different 
questions. The technical documentation preserves the difference. Social practice 
generally will not. The reputational risk is created by the compression of a 
probabilistic technical statement into a binary social one, and that 
compression is not a flaw in the technology. It is how signals behave once they 
leave the hands of the people who built them.

This should be framed honestly as an open research question. It is exactly the kind of 
question that publishers, journals, academic institutions and professional bodies will 
now generate data on whether they intend to or not.

The proportionality point that the debate has missed

There is a genuine partial answer to the fairness objection embedded in the 
mechanism itself, and it has gone almost entirely unremarked.

Because the watermark only lives in words the model chooses, its density scales with 
the model's token-level contribution. A lightly proofread human document carries 
little or nothing, and Anthropic says so directly. A model-drafted article carries a great 
deal. The mark is, in a rough and automatic way, proportional to how much of the text 
the model actually produced.

That is a meaningful design property and it deflates the strongest version of the 
objection, which imagined a uniform stamp applied to human work. It does not resolve 
the objection, because token-level contribution and intellectual contribution are 
different things and they come apart most sharply in exactly the case people are 
angriest about. Translation is the clean example. Every word in a translation is 
chosen by the model, so the output is fully marked, even though the ideas, argument, 
structure and judgment are entirely the human author's. Anthropic confirms 
translations are watermarked and gives precisely this reason.
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So the accurate statement is that the watermark tracks authorship of words rather 
than authorship of work. For most content those track together closely enough. For 
translation, and to a lesser degree for heavy stylistic rewriting of an author's own 
draft, they diverge, and the mark reports the wrong one.

The tool versus collaborator question

A second argument in circulation asks why this software marks output when other 
software does not. Word processors do not stamp documents. Grammar checkers, 
translation tools, integrated development environments, autocomplete, design 
software and video editors all shape human work without asserting a claim on the 
result. Where creative tools do apply visible watermarks, it is usually a licensing 
arrangement that can be removed by paying.

The argument deserves a fair hearing on both sides rather than a verdict.

The case that AI generation is genuinely different

• Scale and substitution. A grammar checker suggests changes to text a person 
wrote. A generative model can produce the entire text. The relevant comparison is 
not to a spell checker but to a ghostwriter, and ghostwriting has always carried 
disclosure norms in journalism, academia and public communication.

• The regulatory line was drawn deliberately. The EU AI Act's transparency 
obligations attach to systems generating synthetic content, and the regulation 
contains an explicit carve-out where the system performs an assistive function for 
standard editing or does not substantially alter the input data or its semantics. 
Lawmakers considered the tool comparison and legislated a boundary rather than 
ignoring it.

• The externality is informational, not personal. The stated public policy purpose is 
not to expose individual writers but to make it possible to reason about the origin 
of information at scale, at a moment when the volume of synthetic text is large 
enough to affect the reliability of the web itself.

The case that the comparison holds better than regulators assume

• Model-level marking does not implement the law's own distinction. The regulation 
carves out assistive editing. Marking applied at the model level does not 
distinguish a full draft from a translation from a rewrite, even though the human 
contribution differs enormously across those cases. The mechanism is partially self-
correcting, as described above, but the policy makes no distinction at all.

• Assistance is a continuum, not a category. A great deal of real usage sits between 
writing for someone and helping someone write. Any boundary drawn on that 
continuum will be arbitrary at the margins, and the marking is applied without 
reference to where a given use sits.

• The mark is not context, and credit is contextual. A disclosure statement can say 
what the model did. A statistical signal can only say that it was there. An author 
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who would happily credit meaningful collaboration gains nothing from a signal that 
cannot describe the collaboration.

The honest position is that both cases have force and the disagreement is not 
empirical. It is a disagreement about whether provenance should attach to the 
production of information as a class, or to the significance of a contribution in a 
particular case. Regulation has answered the first way. Many working writers hold the 
second view. Neither position is unreasonable, and the tension will not be resolved by 
better documentation.

Where perception effects are likely to concentrate

Perception risk is not uniform across fields. It is a function of how much the field's 
credibility rests on human authorship specifically, rather than on accuracy or 
usefulness.

Field Likely perception 
sensitivity

Why

Journalism and news publishing High Credibility is tied to human reporting and accountability; 
disclosure norms already exist

Academic and scientific writing High Authorship carries formal responsibility; institutional 
policies already in force

Creative writing High The human origin of the work is much of its value

Thought leadership and personal 
brand content

High The proposition is that these are the author's own views 
and experience

Legal and medical writing Moderate to high Professional responsibility attaches to the person, though 
accuracy dominates

Government and public 
communication

Moderate to high Explicitly within the scope of the EU deployer disclosure 
duty

Marketing and SEO content Low to moderate Readers already assume commercial production; 
usefulness dominates credibility

Technical documentation Low Judged on correctness and completeness

Product descriptions, transactional 
copy

Low No expectation of individual authorship

For the primary audience of this paper the placement is worth noting. Marketing and 
SEO content sits at the low end of perception sensitivity for readers, and at a much 
higher end for clients, editors and procurement. The risk is not that a reader thinks 
less of a landing page. It is that a client's policy, an editorial standard or a contract 
term treats a detection result as a compliance finding.
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Part VII. What the Watermark Actually Changes

Stripped of both alarm and dismissal, the change is narrower than the reaction and 
broader than the technology. This section separates the layers.

What changes technically

• Text produced by supported models now carries a statistical property that a party 
holding the key can score. That property did not previously exist in commercial text 
output at this scale.

• Supported file types now carry signed metadata recording that the model was 
involved, and providing tamper evidence for the file.

• Nothing about output quality, length, cost, latency or content changes, according 
to Anthropic's testing and the quality evidence in the published research it cites.

• Nothing becomes detectable by parties without the key, which currently means 
nobody outside Anthropic.

What changes legally

• Nothing about ownership, copyright or liability. Anthropic states this directly and 
no external legal instrument attaches to a watermark.

• A provider obligation under EU law is now being satisfied by a technical 
mechanism. That obligation sat with the provider before August 2026 and still 
does.

• A separate deployer obligation exists and is frequently overlooked. Organizations 
publishing AI-generated text to inform the public on matters of public interest have 
a disclosure duty, which falls away where the content underwent human review 
with an identified person or entity holding editorial responsibility. That obligation 
is unaffected by whether a watermark is present or detectable.

What changes operationally

• The credibility of internal records rises relative to external inference. An 
organization that logs where a model was used in its workflow has better evidence 
about its own content than any detector can produce about it.

• Contract language becomes worth reviewing, not because the watermark creates 
liability but because disclosure duties and client policies now have a concrete 
technical referent that procurement teams will ask about.

• Verification becomes possible in principle and impossible in practice until a 
detection service exists. Planning around a capability that has not shipped is 
premature.
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What changes socially

• The question of whether AI was involved moves from unanswerable speculation to 
something that feels answerable, which changes behavior even where the answer 
remains unreliable.

• The burden of explanation shifts. Previously a writer accused of using AI could 
point out that detection was unreliable. That argument is weaker in public 
perception now, even though it remains technically sound.

• A category of professional anxiety has been created that is largely disproportionate 
to the technical capability, and disproportionate anxiety drives real decisions.

What changes for SEO professionals

• Nothing in how search engines rank content, on all available evidence.

• Something in how clients, editors and platforms may set policy about content 
production, which is a business risk rather than a ranking risk.

• The strategic case for original data, first-hand testing and named expertise 
strengthens, though the reason is content economics rather than watermarking.

What changes for publishers

• Editorial policy needs a position, because staff, freelancers and readers will ask for 
one.

• The human review with identified editorial responsibility standard is now the 
operative concept under EU law and is the correct thing to build a policy around, 
rather than detection.

What changes for developers

• Very little. Anthropic states the watermark is not applied where an exact output is 
required, which covers most of what code is.

• Applications built on the API now emit marked text without any action by the 
developer, which is worth knowing if the application's output is republished under 
a customer's brand.

What does not change

The list worth remembering

Ownership of outputs. Legal responsibility for outputs. Search rankings. Content quality. The reliability of 
commercial AI detectors, which remains poor and unrelated to this. The ability of a determined party to defeat the 
signal. And the fundamental fact that good content is judged by whether it helps someone, which no provenance 
mechanism measures.
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Part VIII. The SEO Question, Answered Properly

The SEO conversation about AI watermarking has been poor because two entirely 
different causal chains are being argued as though they were one. Separating them 
resolves most of the disagreement.

Figure 5. The two chains, kept separate. Confusing them produces most of the poor advice in this subject.

Chain A: watermark to search engine detection to ranking

This is the chain everyone is worried about. It fails at the first link.

1.Detection requires the key. Watermark detection is provider specific by design. 
Anthropic holds the key. No search engine has been reported to have access to it, 
and Anthropic has described a detection service for users and third parties rather 
than a data sharing arrangement with search platforms.

2.No search engine has stated any such use. There is no statement from Google, 
whether through Search Central documentation, the Search Liaison account, or 
public appearances by Google search representatives, indicating that AI text 
watermark detection is used in ranking. Google has demonstrated provenance 
verification for images in its own products, which is a labeling and verification 
surface rather than a ranking signal, and it concerns its own marking system 
rather than another provider's.

3.Google's stated position points elsewhere. Its guidance is that appropriate use 
of AI is not against its guidelines, and that the violation is producing content at 
scale for the primary purpose of manipulating rankings rather than helping users, 
explicitly regardless of how that content is created. The policy targets purpose and 
quality, not production method.

4. The available ranking evidence shows no relationship. A 2026 industry 
analysis of a large sample of ranking pages found that the average proportion of AI 
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content varied only slightly between position one and position ten, and that pages 
with less than half their content AI generated accounted for the large majority of 
top three positions. That last finding is often misread. It reflects the composition of 
the web and the correlation between careful production and quality, not a penalty 
applied to AI text.

Figure 6. Large-scale 2026 ranking analysis. The near-flat relationship is the strongest available evidence against the assumption that AI  
involvement is penalized.

The conclusion is not that this will never change. It is that every link in the chain is 
currently unsupported, and that acting on it today means acting on nothing. If this 
changes, it will change through a public announcement rather than through inference, 
and the February 2027 interoperability milestone is the first plausible occasion for it.

Chain B: watermark to disclosure to perception to policy

This chain requires no participation from any search engine, and it is already partially 
observable.

A detection service becomes available. Third parties begin checking content. Clients 
ask agencies about AI usage. Publishers write editorial standards. Platforms with 
existing AI labeling programs extend them. Procurement adds questions to vendor 
assessments. Editorial standards harden around named authorship and human review. 
Readers, over time, form expectations. Some of that changes what people click, share, 
cite and trust, which eventually shows up in the behavioral signals that search systems 
do observe.

This chain is slower, less dramatic and far more likely. Notice what it demands: not 
that anyone defeat a watermark, but that organizations have a defensible account of 
how their content is made. That is a governance problem, not a technical one.

The rule to take from this section

If a claim about watermarking and SEO depends on a search engine doing something, ask what evidence exists that 
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the search engine does it. There is currently none.

If a claim depends on people and organizations changing their expectations, treat it as plausible and prepare 
accordingly. That is where the actual exposure sits.

What SEO professionals should actually focus on

Advice to create high quality content is not advice. The following is what quality means 
operationally in a search environment where text production is close to free and 
roughly half of newly published articles show signs of machine generation.

Things that are expensive to fake and therefore hold value

• Original data you collected. Survey results, internal benchmarks, tests you ran, 
aggregated anonymized numbers from your own operations. A model cannot 
generate a measurement that was never taken.

• First-hand experience with the thing. Having used the product, visited the 
place, run the process, made the mistake. This is the E in the rater guidelines that 
most content strategies still treat as decorative.

• Named authors with verifiable credentials. Not a byline, an identity. A real 
person, consistently attributed, findable elsewhere, with a track record that can be 
checked.

• Primary source citation. Linking to the regulation, the paper, the filing or the 
official documentation rather than to another article about it. This paper is written 
that way deliberately.

• Information gain over what already ranks. The measurable question is what a 
reader learns here that they could not learn from the current top results. If the 
answer is nothing, ranking is a matter of authority and luck.

Things that are structural and often neglected

• Entity clarity. Consistent, unambiguous identification of the organization, the 
author and the subjects covered, so that retrieval and knowledge systems can 
resolve who is speaking about what.

• Topical coverage with real internal structure. Coverage that reflects how a 
subject actually decomposes, rather than a keyword list flattened into pages.

• Editorial accountability that is visible. A stated review process, a named 
responsible editor, correction and update dates. This is simultaneously a quality 
signal, a trust signal, and the exact condition that discharges the EU deployer 
disclosure duty.

• Retrieval readiness. Clear claims, clean structure, direct answers near the 
questions they answer, and structured data where it genuinely describes the page. 
Answer engines cite what they can extract confidently.
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Things to stop worrying about

• Whether a watermark is present in your published content.

• Whether a commercial AI detector scores your page as machine written. Those 
tools are unreliable and no search system uses them.

• Removing or defeating provenance signals. This is effort spent on a risk that does 
not exist in search, and it creates a governance problem if a client ever asks what 
your process is.

• Word counts, keyword density and the other proxies that survive mainly because 
they are easy to measure.
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Part IX. Marketing, Agencies and Client Relationships

The marketing consequence of watermarking is almost entirely about governance and 
expectation management, and almost not at all about detection.

Workflow reality check

The table below maps common production patterns to what is actually true about 
them. It replaces speculation with the mechanism.

Workflow Signal in output What a detection result would mean

Human writes, model checks 
grammar only

Little or none Almost nothing; Anthropic states there is little for the mark to 
attach to

Human writes, model rewrites 
substantially

Strong The model chose most of the final words, not that it originated 
the ideas

Model drafts, human edits 
lightly

Strong The model produced the draft; says nothing about editorial 
judgment applied

Model drafts, human rewrites 
heavily

Degraded to absent Possibly nothing at all, despite significant model involvement

Model translates human 
content

Strong Every word was chosen by the model; the ideas were not

Model writes product 
descriptions at length

Strong Straightforward machine generation

Model writes titles, meta 
descriptions, captions

Below detection Nothing reliable

Model summarizes supplied 
research

Strong The summary is generated; the research is not

Content passed through a 
second provider's model

Removed Nothing, which is precisely why absence proves nothing

What agencies should actually do

• Keep an internal record of where AI is used in the workflow. This is the 
single highest-value action in this entire paper. An internal log is more reliable 
than any detector, satisfies client questions directly, supports disclosure 
obligations, and costs almost nothing to maintain.

• Establish named editorial responsibility for published content. Under EU 
law this is the condition that discharges the deployer disclosure duty for public-
interest publishing. Independently, it is good practice and a trust signal.

• Review client contracts for AI clauses. These are appearing in commercial 
practice, and they typically address disclosure, warranties about originality and 
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intellectual property, and allocation of responsibility. The prudent position is to 
know what you have committed to before a client asks.

• Set an internal policy on disclosure before a client sets one for you. A policy 
you wrote deliberately is better than one written under pressure after a question 
you could not answer.

What agencies should not do

• Do not promise clients that content carries no AI signal. That promise cannot be 
verified today and may become checkable later.

• Do not build a service line around removing provenance signals. Beyond the 
obvious governance exposure, the Code of Practice explicitly addresses tools 
designed to strip AI markings, and the commercial position is fragile.

• Do not treat detection results, from any tool, as grounds for accusing a writer. The 
false positive research on AI detectors is clear enough, and the population it affects 
most is non-native English speakers.

• Do not assume disclosure will become universally mandatory. Requirements today 
are jurisdiction and context specific. Separating current obligations from possible 
future ones is part of the job.
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Part X. Code and Software Development

Code is where the technical foundation of text watermarking is weakest, and the 
reason is structural rather than incidental.

Watermarking works by exploiting choices where either option is equally acceptable. 
Code is the domain where that condition is least often satisfied. Syntax is constrained, 
identifiers must match, APIs have exact names, and a substituted token frequently 
produces a program that does not compile or does not behave correctly. The published 
research on low-entropy generation is consistent on this point, and several newer 
watermarking schemes exist specifically to address the weakness, which is itself 
evidence that the problem is recognized and unsolved rather than handled.

Anthropic states the position directly and without hedging. Where an exact output is 
required, the watermark is not applied. It gives the example of a completed arithmetic 
expression where only one continuation is correct. It notes that code, which in very 
many cases has to be exact, carries generally less watermarking than other text, and 
that where arbitrary choices do exist, such as in comments, the mark can be present, 
but that this has a negligible effect on the actual code produced.

This resolves a discrepancy that circulated in earlier analysis. The European 
Commission's implementation guidance treats source code and machine-readable 
configuration formats as outside the content-marking obligation, while Anthropic 
applies marking at the model level across all surfaces including its coding products. 
Those look contradictory until the mechanism is read carefully. Anthropic does not 
exempt Claude Code by policy; the mechanism largely exempts code by 
physics. Marking remains switched on and has little to act on.

What follows for software teams

• Watermark detection is not a viable mechanism for identifying AI-generated code, 
and should not be treated as one by employers, educators, open source maintainers 
or auditors.

• Code review, provenance in version control, commit history and contributor 
agreements remain the practical instruments for the questions people actually 
want answered about code origin.

• Comments and documentation are a partial exception, since prose inside a 
codebase behaves like prose. This is a curiosity rather than a capability.

• Questions about ownership, licensing and liability for AI-assisted code are live and 
unsettled, but they are unaffected by watermarking. They will be settled by 
contract, license terms and litigation, not by a statistical signal.
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Part XI. Regulation: What Is Law, What Is Guidance, What 
Is Voluntary

Precision matters here because these categories are constantly conflated in 
commentary, and the practical obligations differ enormously depending on which one 
applies.

The provider obligation

Article 50(2) of the EU AI Act requires providers of AI systems generating synthetic 
audio, image, video or text to ensure outputs are marked in a machine-readable format 
and detectable as artificially generated or manipulated. The obligation is qualified: 
technical solutions must be effective, interoperable, robust and reliable as far as is 
technically feasible, taking into account the specificities and limitations of content 
types, implementation costs, and the generally acknowledged state of the art. There is 
an exception where the system performs an assistive function for standard editing or 
does not substantially alter the input data or its semantics.

This obligation sits on providers. It does not sit on the marketing team using the tool, 
the agency publishing the content, or the writer.

The deployer obligation

Article 50(4) is the provision most relevant to the audience of this paper and the one 
most often missed. Deployers of AI systems that generate or manipulate text published 
for the purpose of informing the public on matters of public interest must disclose that 
the content is artificially generated or manipulated. The obligation does not apply 
where the content has undergone human review or editorial control and a natural or 
legal person holds editorial responsibility for its publication.

Three things follow. The duty is scoped to public-interest information, not to all 
commercial content. It is discharged by human editorial responsibility, not by 
detection. And it applies whether or not any watermark exists, which is why building 
compliance around watermark detection is the wrong architecture.

What is voluntary

The Code of Practice on Transparency of AI-Generated Content is a voluntary 
instrument that operationalizes the legal obligations. Roughly 190 organizations signed 
it in July 2026, including the major model providers alongside a long tail of smaller 
companies and a separate group of deployers. It sets out a layered approach to 
marking, on the reasoning that no single marking technique is sufficient on its own, 
and it sets the February 2027 target for detection interoperability across providers.

Signing a code of practice is a commitment, not a statute. It creates a presumption of 
good faith with regulators and a reputational cost for abandonment. It is not the same 
as legal compliance and should not be described as such.
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Penalties and dates

• Transparency breaches under Article 50 carry administrative fines of up to fifteen 
million euro or three percent of worldwide annual turnover, whichever is higher.

• Enforcement of the transparency obligations began on August 2, 2026.

• Systems placed on the market before that date have a transition period running to 
December 2, 2026 for the provider marking obligation.

• Cross-provider watermark detection interoperability is targeted for February 2, 
2027.

Beyond the European Union

The EU is the most detailed regime but not the only one, and describing this as an EU-
only phenomenon is inaccurate.

• China implemented mandatory labeling rules for AI-generated synthetic content, 
backed by a national standard, effective September 2025. The regime requires both 
visible labels and embedded machine-readable markers across text, images, audio 
and video, and places obligations on distribution platforms as well as generators.

• California enacted an AI transparency law requiring covered providers to offer 
detection tools and to apply both visible and embedded disclosures, with the 
operative date aligned to August 2026 and scope subsequently extended to large 
online platforms and capture devices on a phased timetable.

• Platform-level rules already exist independently of any statute. Major video and 
social platforms require disclosure of realistic synthetic media, and several read 
and apply provenance metadata automatically. Self-publishing marketplaces 
require authors to declare AI-generated material.

The pattern across jurisdictions is consistent and worth naming: regulators are 
converging on marking and disclosure as the intervention, and diverging on 
scope, thresholds and enforcement. For a global content operation this means the 
compliance question is not whether to disclose but which of several inconsistent 
regimes applies to a given publication.
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Part XII. The Real Development Is Not Detection

Almost all public reaction has treated this as a detection story. That framing is 
understandable and, on the evidence, wrong. Detection is the weakest part of what is 
happening. It is fragile, provider specific, unavailable to third parties, unverified in 
production, and defeatable by anyone with a motive. If detection were the whole story, 
the correct response would be a shrug.

The durable development is different. Provenance is becoming a standing property 
of published content rather than an occasional forensic exercise. That is an 
infrastructure change, and infrastructure changes have long half-lives.

Detecting AI versus building a provenance layer

Detecting AI is an adversarial, after-the-fact question asked about a specific artifact by 
someone who suspects something. It is inherently unreliable because the party being 
detected can adapt.

A provenance layer is different in kind. It is a set of conventions by which content 
carries assertions about its own origin as a matter of course, through signed metadata, 
embedded markers, declared authorship, structured data and platform-level records. It 
does not ask whether something is AI. It asks what a piece of content claims about 
itself and whether that claim is intact.

The components are already assembling, and most of them predate this 
announcement.

• Signed file metadata through the C2PA standard, adopted by camera 
manufacturers, editing software, several AI providers and a growing set of 
platforms, with a coalition membership in the thousands.

• Embedded text and media watermarking now deployed by multiple major 
providers, driven by the same regulatory instrument.

• Platform labeling systems that read provenance metadata and apply visible 
labels automatically, already operating at very large scale on at least one major 
video platform.

• Declared authorship and structured data that identify who published a thing, 
who wrote it and what entity it concerns.

• Enterprise content governance, meaning internal records of how content was 
produced, which is the part organizations control entirely and the part most of 
them have not built.

• Regulatory scaffolding across at least three major jurisdictions requiring some 
combination of marking, labeling and disclosure.

Each of these is individually unremarkable. Together they describe a web where the 
origin of content is expected to be assertable. Not proven, not enforced, not universal. 
Assertable.
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Why this matters more than detection

Two pressures make provenance infrastructure durable in a way that detection is not.

The first is volume. Independent measurement in 2026 found that the number of newly 
published articles showing signs of machine generation is roughly equal to the number 
that appear human written, having crossed and recrossed parity during 2025 and 
2026. A separate large-scale analysis found that a majority of new pages contained at 
least some AI content, with pure human and pure AI both being minority cases. 
Notably, the same research found that most of this machine-generated material does 
not surface in search results or in AI answer engines at all, which is a useful corrective 
to the assumption that the web being half synthetic means search results are half 
synthetic. But the trend has a direction, and the direction is toward abundance.

The second is recursion. Research published in Nature in 2024 demonstrated that 
models trained recursively on their own outputs degrade, losing the tails of the 
distribution first and converging toward low-variance output. Subsequent work 
established an important qualification: the degradation is driven by replacing real data 
with synthetic data, and accumulating real data alongside synthetic data substantially 
mitigates it. So collapse is a demonstrated failure mode under specific conditions 
rather than an inevitability. But it establishes why the ability to distinguish original 
from derived information has value to the systems themselves, not only to regulators 
and readers.

Put together: when content is abundant and increasingly derivative, the scarce and 
valuable thing is knowing where something came from. That is a durable reason for 
provenance infrastructure to exist, and it does not depend on any particular watermark 
working well.
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Part XIII. What Happens When AI Systems Rewrite AI 
Systems

Consider a realistic chain. One model drafts an article. A second model rewrites it for a 
different audience. A third summarizes it for a newsletter. A fourth translates it. A 
publishing system reformats it. A search system indexes it. An answer engine retrieves 
and paraphrases it into a response that a person reads.

What happens to provenance across that chain is the most important unanswered 
technical question in this subject, and the answer is architecturally uncomfortable.

In-text watermarks do not chain

This is the central point and it follows directly from the mechanism. The watermark 
lives in which words were chosen. When a second model rewrites the text, it chooses 
different words. The first model's signal is not layered under the second model's signal. 
It is overwritten.

The consequence is that in-text watermarking is a last-writer-wins system. It can, at 
best, indicate which model most recently generated the words. It cannot record a 
history. Multiple providers' watermarks can technically coexist in a document where 
different passages came from different models, because they occupy different text. 
They cannot meaningfully coexist in the same passage, because the same words cannot 
simultaneously reflect two different sets of choices.

This is not a flaw in any provider's implementation. It is a property of the method. Any 
watermark that works by biasing word selection is destroyed by anything that 
reselects the words, including another watermarking model.

Signed metadata can chain, and is fragile in a different way

The C2PA design does support a chain. Each processing step can add a signed 
assertion, producing a record of the sequence of tools that touched a file, with tamper 
evidence. This is architecturally the right shape for provenance history.

Its weakness is the opposite of the watermark's. It is easy to preserve deliberately and 
trivial to lose accidentally. Re-encoding, screenshotting, format conversion and many 
upload pipelines strip metadata. Some platforms preserve and display credentials; 
many strip them on upload. A chain that breaks the first time an image is 
screenshotted is not a reliable historical record, whatever its cryptographic properties.

The architectural summary

Watermarks are hard to remove accidentally and easy to remove deliberately. They cannot record history.

Signed metadata records history and is easy to remove accidentally, whether or not anyone intends to.

This is why the EU Code of Practice requires a layered approach and states that no single marking technique is 
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sufficient on its own. The two mechanisms fail in opposite directions, which is the argument for using both, and also 
the reason that using both still does not produce a reliable chain.

The fragmentation problem

Even setting aside chaining, provenance today is siloed. Each provider's detector reads 
only its own mark. There is no shared registry, no common query interface and no 
agreed format for a cross-provider result. A piece of content passing through three 
providers would currently require three separate checks, each requiring cooperation 
from a company with no obligation to answer.

This is what the February 2027 interoperability milestone is meant to address, through 
some combination of standardized query routing, a publicly readable signpost 
embedded in content indicating which provider to ask, or a shared industry service. 
Whether that arrives on schedule and in usable form is the most consequential open 
question in the next twelve months, and it will determine whether provenance becomes 
usable infrastructure or remains a compliance artifact.

One further consideration is often left out. Watermarking is applied by the party 
running the model. A model whose weights are openly available can be run without the 
marking step, because the marking lives in the sampling procedure rather than in the 
weights. This is not a defect that anyone can patch. It means that provenance marking 
is, structurally, a property of managed services rather than of models, and any 
provenance regime built on marking will have a permanent gap in it.
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Part XIV. Designing a Provenance Chain That Is Worth 
Having

If provenance becomes infrastructure, the design questions stop being technical and 
become questions about what a record should contain and who controls it. These are 
worth thinking through now, while the answers are still being decided.

Take a realistic production chain: a human idea, human research, a model-assisted 
draft, human editing, a translation step, human fact checking, publication through a 
content system, indexing by a search engine, retrieval by an answer engine.

Which parts should be visible?

The instinct to record everything is wrong. A complete tool record is both invasive and 
useless, invasive because it exposes working method as a matter of routine, and 
useless because a record that lists every piece of software involved conveys no 
information about significance. The regulation's own framing points somewhere better: 
what matters is not the inventory of tools but whether a person holds editorial 
responsibility for the result.

A defensible minimum has three elements: who is responsible for this content, 
whether a human reviewed it before publication, and whether the substance is 
original or derived. None of those require identifying a vendor, and all three are 
what a reader, a client or a regulator actually wants to know.

Who should control the record?

There is a real tension. Provider-generated marks are harder to falsify and outside the 
publisher's control. Publisher-declared provenance is easy to falsify and reflects what 
the publisher considers significant. Platform-applied labels are consistent but reflect 
the platform's policy rather than the author's intent.

The likely outcome is all three, layered and occasionally contradictory, which is a 
reason to expect disputes about provenance to become routine rather than a reason to 
expect provenance to settle anything.

Where provenance becomes counterproductive

• If it identifies individuals. Current implementations explicitly do not, and this 
should be treated as a line rather than a current state of affairs. A provenance 
system that identified who used which tool would be a surveillance system with a 
provenance interface.

• If it is incomplete but treated as complete. A partial record read as a full one is 
worse than no record, because absence becomes evidence. This is already the risk 
with negative watermark results.
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• If it substitutes for judgment. A signal that a human reviewed something says 
nothing about whether the review was any good. Provenance can record that 
accountability exists. It cannot supply it.

The design principle that survives all of this is simple and unfashionable. Provenance 
is most useful when it records responsibility and least useful when it records 
tooling. Everything valuable in the current regulatory framing follows from that, and 
most of what people fear follows from ignoring it.
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Part XV. What Happens Next

What follows is scenario analysis, not prediction. Each item is labeled by how well the 
evidence supports it.

The next twelve months

• A detection service arrives, or does not. Anthropic has committed to one and 
has not shipped it. Its arrival is the single event that converts most of this subject 
from speculation to measurement: independent researchers will be able to test 
robustness against paraphrase, editing and cross-model rewriting, and to measure 
false positives on human text. Expect the first credible independent evaluations 
within weeks of release. Confidence that this matters: high. Confidence in timing: 
none.

• Interoperability by February 2027, or a visible miss. The commitment is dated 
and public. Delivery would be the first genuine step toward provenance as shared 
infrastructure. A miss, or delivery in a form too limited to use, would confirm that 
provenance remains a per-vendor compliance artifact. Watch this date more closely 
than any product announcement.

• More providers ship text marking. Multiple providers signed the same 
instrument, and at least one major provider already marks images and audio while 
having no confirmed universal text watermark. Convergence on text is the 
expected direction. Likelihood: high.

• Search engines stay quiet. No evidence suggests an imminent change in ranking 
treatment. A statement clarifying that provenance is not a ranking signal is more 
likely than one announcing that it is. Likelihood of ranking integration in this 
window: low.

• Enterprise policy activity outpaces technical change. Editorial standards, 
procurement questionnaires, contract clauses and internal AI usage policies will 
move faster than any of the underlying technology. This is where practitioners will 
actually feel the change. Likelihood: high.

The next three years

• Standardized provenance formats mature, unevenly. Signed metadata 
continues consolidating around a single standard while text marking remains 
provider specific, because the technical obstacles to interoperable text detection 
are real and not merely organizational.

• Publisher and platform requirements harden. Disclosure expectations become 
normal in journalism, academic publishing and public communication, and remain 
inconsistent in commercial content. Expect the divide to follow credibility 
economics, not regulation.

• Named authorship and editorial accountability become competitive 
advantages. Not because of a ranking signal, but because they are the cheapest 
available proof of the thing that becomes scarce.
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• Answer engines become a primary discovery surface, which shifts the 
practical objective from ranking a page to being the source a system chooses to 
cite. Provenance and identity clarity plausibly matter more to that decision than to 
classical ranking. This is a reasoned inference, not a documented behavior of any 
current system.

• Enterprise content governance becomes ordinary. Logging AI involvement 
moves from unusual to expected, in the way that document retention policies did.

The next five years: three scenarios

Scenario one: limited adoption

Watermarking remains provider specific. Interoperability arrives late or in a form too 
weak to use. Detection stays defeatable and unreliable enough that no serious 
institution builds on it. Search engines never use it. Regulation is satisfied on paper 
and largely unenforced against ordinary publishers.

Consequences. Very little changes for SEO or marketing. The compliance layer 
becomes a formality. Attention returns to quality, usefulness and brand, which is 
where it should have been. The main casualty is trust in provenance claims generally, 
since a marking system nobody can verify becomes background noise.

Current evidential support: strongest of the three. It is consistent with the 
fragility research, the absence of any search engine signal, the unshipped detection 
service, and the structural gap created by openly available model weights.

Scenario two: working interoperable provenance

The February 2027 milestone is met in usable form. Cross-provider detection becomes 
available. Signed metadata preservation improves as platforms face regulatory 
pressure. Businesses adopt provenance records as ordinary practice, and content 
governance becomes a standard function rather than an improvisation.

Consequences. Disclosure becomes routine and largely uncontroversial, in the way 
that cookie notices and privacy policies did. Agencies compete partly on governance 
maturity. Publishers require provenance records from contributors. Detection remains 
imperfect but good enough for policy purposes rather than evidentiary ones. SEO is 
affected indirectly, through client and publisher requirements rather than through 
ranking.

Current evidential support: moderate. The regulatory commitment and the breadth 
of signatories point this way. The technical fragility of text watermarking and the 
metadata stripping problem point away from it.

Scenario three: provenance as search and information infrastructure

Provenance signals become inputs to how information systems treat content. Search 
and answer engines weight verified origin in source selection. Publishing platforms 
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require it. Enterprise systems track it internally end to end. Identity, accountability 
and origin become part of how content is evaluated rather than metadata about it.

Consequences. This would be the first change in this entire subject that genuinely 
alters SEO. Verified publisher and author identity would become a ranking-relevant 
asset. Original research and primary data would gain measurable distribution 
advantage. Content produced without accountable authorship would face structural 
disadvantage in retrieval. Agencies would need provenance capability as a core 
service.

Current evidential support: weakest. No search engine has indicated any intention 
of this kind for text. Some groundwork exists in image provenance verification 
surfaces. Treat as a long-horizon possibility worth monitoring, not a trend in progress.

How to use these scenarios

Do not plan for one. Identify the observable events that would distinguish them, and watch for those instead.

The distinguishing events are: whether a usable detection service ships; whether cross-provider interoperability is 
delivered by February 2027; whether any search engine makes a public statement about provenance in ranking or 
source selection; and whether major publishers begin requiring provenance records from contributors.

Three of those four are dated or publicly observable. That is unusually convenient, and it is the reason this paper 
recommends monitoring rather than restructuring.
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Part XVI. What Businesses Should Do Now

Recommendations are separated by whether they should be implemented, monitored, 
tested or explicitly left alone. The last category is the one most guidance omits and the 
one that saves the most wasted effort.

Implement now

• Log where AI is used in content production. Simple, internal, and more 
reliable than any external inference about your own content. It answers client 
questions, supports disclosure obligations and costs almost nothing.

• Assign named editorial responsibility for published content. This is the 
operative condition in EU law for public-interest publishing and an independent 
trust and quality signal.

• Write an internal AI usage and disclosure policy. Decide your position 
deliberately rather than under pressure.

• Adopt a signal-not-proof rule for detection outputs. No detector result, from 
any tool, should be sufficient grounds for an accusation against a person in an HR, 
academic or contractual context. Write this down before you need it.

Monitor

• Release of a watermark detection service and the first independent evaluations of 
it.

• The February 2, 2027 interoperability milestone.

• Any statement from a search engine regarding provenance in ranking or source 
selection.

• Publisher, platform and client policies that begin requiring provenance records.

• Regulatory developments outside the EU, particularly where scope or thresholds 
differ from the EU regime.

Test and experiment

• Once a detector exists, test your own published content to understand what your 
workflow actually produces. Do this to inform your policy, not to remove signals.

• If you publish in regulated or public-interest contexts, test your disclosure process 
against the actual regulatory text rather than against a summary of it.

• For image and file workflows, test which of your distribution channels preserve 
signed metadata and which strip it. This is measurable today and most 
organizations have never checked.
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Do not change yet

• Do not change SEO strategy in response to watermarking. There is no evidence 
connecting it to ranking.

• Do not abandon AI-assisted workflows. The available ranking evidence shows no 
penalty for AI involvement as such, and the quality question is unchanged from 
what it always was.

• Do not invest in provenance stripping. It addresses a risk that does not currently 
exist in search and creates one that does exist in client governance.

• Do not restructure content operations for a scenario that has not begun. Monitor 
the four distinguishing events instead.

An SEO action framework

Only included because it maps to decisions rather than to categories.

Activity Action Why it matters

Audit Identify which published content was substantially AI 
produced and which carries original data, first-hand 
experience or expert input

You cannot govern or improve what you have 
not inventoried

Document Record AI involvement, review steps and the 
responsible editor for each publication going forward

Internal records outperform external inference 
and discharge disclosure duties

Improve Add original data, first-hand testing, named expert 
authorship and primary source citation to the content 
that matters most

These are expensive to fake, which is the entire 
point

Monitor Detection service release, February 2027 
interoperability, search engine statements, client and 
publisher policy changes

These are the events that would justify 
changing course

Measure Information gain relative to the current top results; 
citation and retrieval by answer engines; brand and 
direct demand

Proxies that survived the cheap-content era are 
becoming less informative

Stop Worrying about watermark presence, commercial 
detector scores, and signal removal

None of these affect ranking and one creates 
governance exposure

Invest Named authorship, editorial accountability, entity 
clarity, proprietary data collection

These hold value across all three future 
scenarios

Test Metadata preservation across your distribution 
channels; detector behavior on your own content once 
available

Cheap, measurable, and currently unmeasured 
in most organizations
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Myth Versus Evidence

Each verdict below reflects the state of evidence at the time of writing and the 
reasoning given earlier in this paper.

Claim in circulation Verdict Basis

Google will know my article was 
written by Claude

False Watermark detection requires the provider's key; no evidence 
any search engine holds it

Google penalizes AI-generated 
content

Unsupported Google's guidance targets manipulative intent and low quality 
regardless of production method

Watermarked content will rank 
lower

Unsupported Large-scale 2026 ranking analysis found no meaningful 
relationship between AI content share and position

The watermark proves who wrote 
the article

False Anthropic states it cannot distinguish generation from heavy 
editing and says nothing about authorship

The watermark identifies the user 
or organization

False Anthropic states it carries no identifying information

Watermarking is the same as an AI 
detector

False One is keyed and provider specific; the other is heuristic and 
available to anyone. Anthropic itself draws this distinction

Copy and paste removes the 
watermark

False The signal is the word sequence, which is what gets copied

Copy and paste always preserves a 
usable signal

Misleading It preserves whatever signal exists, which may be little or nothing 
depending on length and how constrained the wording was

Editing always removes the 
watermark

Misleading Light editing probably does not; a complete rewrite does

Every Claude output is detectable False Short passages, factual text, code and lightly edited work may 
carry little or nothing

You can ask the model to remove 
its own watermark

Unsupported 
and probably 
backwards

A model-produced rewrite is itself generated text sampled with 
the same key; expected result is a fresh mark, not none. Currently 
unverifiable in either direction

The watermark cannot be removed False Anthropic states a complete rewrite removes it; independent 
research on this family shows paraphrase is highly effective

A negative result proves a human 
wrote it

False Equally consistent with another model, a rewrite, a translation, an 
older model or a short passage

Claude Code watermarks all code False Anthropic states the watermark is not applied where an exact 
output is required; code carries generally less

Converting an image format kills 
Claude's text watermark

Category error Format conversion strips file metadata, which is a separate 
mechanism from the in-text watermark

This is only an EU requirement Misleading The legal driver is EU, but Anthropic applies it globally, and China 
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Claim in circulation Verdict Basis

and California have their own regimes

The EU requires a watermark 
specifically

Misleading The law requires machine-readable marking; the accompanying 
code treats layered marking as necessary and watermarking as 
one component

Anthropic invented this method False It describes its approach as a version of a published Google 
DeepMind method in a family dating to 2022

The watermark changes copyright 
or ownership

False Anthropic states it does not; copyright turns on the facts of 
human authorship, not on a technical mark

Watermarking makes AI content 
impossible to disguise

False The research literature is consistent that paraphrase defeats this 
family of methods
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Frequently Asked Questions

Does Claude watermark its text?

Yes. Anthropic confirms that Claude models launched on or after August 2, 2026 
generate text containing a statistical watermark, and that support is being added to 
earlier models during a transition period. Marking is applied at the model level across 
all Claude products and cloud platforms.

Does Claude watermark every response?

Marking is applied to supported models, but the amount of detectable signal varies 
enormously. Anthropic states that short text, factual passages where only one answer 
is correct, and code carry little or no watermark, and that detection does not work well 
on small samples.

Can Google detect the Claude watermark?

There is no evidence that it can or does. Watermark detection requires the provider's 
key, and no search engine has been reported to have access to Anthropic's. Google has 
made no statement about using third-party watermark detection in ranking.

Does the Claude watermark affect SEO?

There is no evidence that it does. Google's documented position is that appropriate use 
of AI is not against its guidelines, and that the violation is producing content at scale 
primarily to manipulate rankings rather than to help users. Large-scale ranking 
analysis in 2026 found no meaningful relationship between AI content share and 
position.

Does Google penalize AI-generated content?

Not as such. Google's spam policies target scaled content abuse, defined by purpose 
rather than by production method, and explicitly state that the issue applies no matter 
how the content is created.

Can a watermark prove who wrote something?

No. Anthropic states that a watermark can only determine that Claude was likely 
involved with the content at some point, and that it cannot distinguish Claude wrote 
this from Claude heavily edited this.

Can the watermark identify me or my company?

No, according to Anthropic. The company states that nothing in the watermark or its 
key would allow recovery of information about a user, their organization or their 
conversations.
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Does copying and pasting remove the watermark?

No. The signal lives in the sequence of words, which is exactly what gets copied. 
Pasting into a document, a content management system, an email or a social platform 
moves the words into a different container without changing them.

Does editing remove the watermark?

It depends on how much. Anthropic states that light editing probably will not remove it 
completely, and that a complete rewrite in which every word is replaced will. 
Independent research on the same family of methods found that meaning-preserving 
paraphrase removed detection in the large majority of tested cases.

What happens if Claude translates my writing?

The translation carries a watermark. Anthropic confirms this and gives the reason: in a 
translation, every word is chosen by the model. This is the clearest case where the 
mark reflects who chose the words rather than who created the work.

What if Claude only proofreads my text?

Anthropic states there is generally very little for the watermark to attach to, because 
the mark only applies to words the model chooses and nearly all the words remain 
yours.

Does Claude Code watermark code?

Largely no, for technical reasons. Anthropic states that where an exact output is 
required the watermark is not applied, and that code carries generally less 
watermarking than other text. It may appear in comments, where wording is arbitrary, 
with negligible effect on the code itself.

What is the difference between AI detection and watermark detection?

AI detection looks for stylistic patterns typical of machine writing and is available to 
anyone; it is unreliable and produces false positives, particularly for non-native English 
writers. Watermark detection checks whether word choices match a keyed pattern and 
requires the provider's key. Anthropic draws this distinction explicitly in its own 
documentation.

What is AI content provenance?

Provenance is the record of where content came from and what processed it. For files 
this usually means signed metadata following the C2PA standard. It is different from 
both AI detection and watermarking: it records a claimed history rather than analyzing 
the content, and it is removed by re-encoding, screenshots and format conversion.

Is there a tool to check for the watermark?

Not publicly as of this writing. Anthropic has said it will offer a detection API and that 
details are being finalized. Until it exists, no third party can verify claims about this 
system in either direction.
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Will AI watermarking become an industry standard?

Marking is already spreading across major providers under the same regulatory 
instrument, and roughly 190 organizations signed the associated code of practice. 
Whether it becomes interoperable, which is what would make it usable rather than 
merely present, is targeted for February 2027 and remains unresolved.

What should SEO professionals actually do about this?

Very little in terms of search strategy, and something in terms of governance. Log 
where AI is used, assign named editorial responsibility, invest in original data and first-
hand experience, and monitor four specific events: the detection service release, the 
February 2027 interoperability milestone, any search engine statement on provenance, 
and client or publisher policy changes.

Does the watermark affect who owns the content?

No. Anthropic states it does not change ownership, authorship or a user's rights under 
its terms. Copyright questions turn on the facts of human authorship, and a technical 
mark plays no part in that determination.
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Research Sources

Sources are grouped by type. Company statements are identified as company 
statements, research as research, and regulation as regulation, because the weight a 
reader should give each differs.

Primary company documentation

Source Organization and date Why it matters

How Claude's text watermark works 
(anthropic.com/news/claude-text-watermark)

Anthropic, August 14, 
2026

The authoritative account of the mechanism, 
its limits, translation and code behavior, and 
what a detection result proves

How Claude marks AI-generated content 
(support.claude.com)

Anthropic, updated 
August 11, 2026

First confirmation of coverage, model-level 
application, C2PA file metadata and product 
scope

Peer-reviewed and preprint research

Source Publication and date Why it matters

Scalable watermarking for identifying large 
language model outputs (SynthID-Text)

Nature 634, 818 to 823, 
October 2024, Google 
DeepMind

The published method Anthropic says its 
watermark is a version of, including the 
quality evidence Anthropic cites

Theoretical analysis and empirical validation of 
SynthID-Text detection statistics

Peer-reviewed 
conference paper, 2026

Shows robustness depends on which 
detection statistic is used, so family 
membership does not determine robustness

Empirical evaluation of AI watermark evidence 
against forensic standards

Preprint and conference 
paper, July 2026

Measured paraphrase removal and false 
positives on open source implementations; 
concluded the methods tested fall short of 
forensic evidentiary standards

Research on watermarking low-entropy 
generation, including code

Multiple preprints and 
conference papers, 2024 
to 2026

Establishes why code resists this class of 
watermarking and why new schemes exist to 
address it

AI models collapse when trained on recursively 
generated data

Nature 631, 755 to 759, 
2024

Demonstrates degradation under recursive 
training on synthetic output; later work 
qualifies this where real data is accumulated 
rather than replaced

Research on AI detector bias against non-native 
English writers

Patterns, Cell Press, 
2023

Documents systematic false positives against 
a specific population; the strongest argument 
against acting on detector output

Algorithm aversion research Journal of Experimental 
Psychology: General, 
2015

Adjacent evidence on how disclosed machine 
involvement affects judgment; not about 
watermarks and should not be cited as if it 

Sanwal Zia   |   OptimizeWithSanwal.com   |   51



Source Publication and date Why it matters

were

Regulation and official guidance

Source Body and date Why it matters

EU AI Act, Article 50(2) and 50(4) European Union, 
obligations applicable 
from August 2, 2026

The provider marking obligation and the 
separate deployer disclosure duty, including 
the human editorial responsibility exemption

Code of Practice on Transparency of AI-
Generated Content

European Commission, 
2026

Operationalizes Article 50; establishes 
layered marking and the February 2027 
interoperability target

Strong backing for the Code of Practice on 
Transparency of AI-generated Content

European Commission, 
July 31, 2026

Confirms roughly 190 signatories and the 
split between provider and deployer 
commitments

Commission implementation guidance on 
transparency obligations

European Commission, 
July 2026

Scope questions including treatment of 
source code and machine-readable formats

China labeling measures for AI-generated 
synthetic content and the accompanying 
national standard

Cyberspace 
Administration of China 
and partner bodies, 
effective September 
2025

The first comprehensive national labeling 
regime, requiring both visible and embedded 
markers

California AI transparency legislation and its 
2025 amendment

State of California, 
operative August 2026 
with phased extensions

Requires detection tools plus visible and 
embedded disclosures for covered providers

US Copyright Office registration guidance and 
report on copyrightability

United States Copyright 
Office, 2023 and 2025

Establishes that AI-generated material 
without sufficient human authorship is not 
protectable, independently of any technical 
marking

Search, industry and measurement

Source Organization and date Why it matters

Google Search Essentials and spam policies, 
including scaled content abuse

Google, current The authoritative statement that the 
violation is purpose and quality based, not 
production method based

Google guidance on AI-generated content in 
Search

Google Search Central States that appropriate use of AI is not 
against guidelines

Large-scale analysis of AI content share among 
ranking pages

Ahrefs, 2026 Found negligible variation in AI content share 
across positions one to ten
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Source Organization and date Why it matters

Measurement of AI-generated share of newly 
published articles

Graphite, 2026 Multi-detector measurement finding rough 
parity between machine and human 
authored new articles, and that most 
machine-generated material does not 
surface in search

Tracking of AI-generated news and information 
sites

NewsGuard, 
continuously updated

Quantifies growth in low-quality synthetic 
news sites; figures change constantly and 
should be re-checked when cited

C2PA specification and Content Authenticity 
Initiative membership reporting

C2PA and CAI, 2025 to 
2026

The provenance standard used for signed file 
metadata, its adoption and its known fragility

Contemporaneous reporting on the Anthropic 
announcement

TechCrunch, Forbes, The 
New Stack and others, 
August 2026

Useful for timeline confirmation and for 
documenting the scale of practitioner 
reaction

Practitioner discussion

Public reaction across technology and professional communities in August 2026 was 
substantial and is treated throughout this paper as evidence of perception and concern 
only, never as technical proof. It informed the analysis in Part VI in particular, where 
the authorship and perception arguments raised in public discussion identified a real 
gap that technical documentation does not close. No individual is cited, because the 
value of that material lies in the arguments rather than in who made them, and 
because none of it constitutes evidence of the technical claims it contains.
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Method, Limitations and How to Age This Document

How claims were handled

• Company statements were taken from primary documentation and are identified as 
company positions, not as verified fact, wherever they concern properties only the 
company can observe.

• Independent research is identified by type, and where it tested open source 
implementations rather than Anthropic's production system, that limitation is 
stated in the text rather than buried.

• Inferences drawn from the published mechanism are labeled as inferences. The 
analysis of same-model rewriting in Part III is the clearest example and is explicitly 
unverifiable at present.

• Practitioner discussion is treated as evidence of perception, never of technical fact.

• Future statements are presented as scenarios with an assessment of current 
evidential support, never as forecasts.

Known limitations of this paper

• No independent testing of Claude's watermark exists, including here. No 
public detector was available at the time of writing. Every robustness figure in this 
paper comes from research on related implementations.

• Perception effects are asserted structurally, not measured. There is no 
published research on how readers respond to AI watermark disclosure 
specifically. The adjacent research cited is genuinely adjacent and is labeled as 
such.

• Some figures are live-updating. Counts of AI-generated sites and measurements 
of AI content share change continuously and should be re-verified rather than 
quoted from here.

• Implementation details may change. Anthropic has said it will publish more 
technical guidance and continue evaluating its approach, including whether global 
application remains necessary.

What would need revision if the situation changes

The analysis in this paper is built so that most of it survives a change in any single 
implementation. Three developments would require substantive revision rather than an 
update.

5. A search engine states that provenance affects ranking or source selection. 
This would move scenario three from speculative to active and would invalidate the 
current answer to the SEO question.

6. Independent testing shows the implementation is substantially more robust 
to paraphrase than published research on the family suggests. This would 
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strengthen the evidentiary weight of detection results and change the risk calculus 
for organizations.

7. A court or regulator assigns evidentiary weight to watermark results. This 
would move the analysis in Part V from a technical discussion into a legal one with 
real consequences for employment, academic and contractual disputes.

Absent those three developments, the principal conclusions here should hold: detection 
is narrow and fragile, provenance infrastructure is the durable development, the 
search risk is close to zero while the governance risk is real, and what becomes 
valuable as content gets cheap is the part of content that cannot be generated.
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About This Research

This paper was produced by Sanwal Zia, AI Search and SEO Strategist at Optimize 
With Sanwal, an independent research and education platform covering search, 
artificial intelligence and content strategy.

It is published as a standing reference rather than as commentary on a news event. 
The intention is that a reader returning to it in 2027, 2028 or 2029 will find the 
principles intact even where the specific implementations have moved on. Where a 
development would invalidate a conclusion here, that development is named explicitly 
in the preceding section so the document can be checked against reality rather than 
trusted on authority.

Corrections, counter-evidence and challenges to any claim in this paper are welcome 
and will be reflected in future revisions with attribution.

Contact

Sanwal Zia

AI Search and SEO Strategist

optimizewithsanwal@gmail.com

OptimizeWithSanwal.com

Version 1.0, August 2026. Compiled from sources available as of the date of 
publication.
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